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Abstract

CNN (convolution neural network) has become the most popular artificial intelligence technique and shows remarkable
performance in image classification task. In this paper, we propose a CNN-based classification method for various street images as
well as a method of evaluating the safety score for the street. The proposed method consists of learning four types of street
images using CNN and classifying input street images using the learned CNN model followed by evaluating the safety score.
During the learning process, four types of street images are collected and augmented, and then CNN learning is performed. It is
shown that learned CNN model classifies input images correctly and the safety scores are evaluated quantitatively by combining
the probabilities of different street types.
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Fig. 1. Examples of images used for training. (a) construction site, (b) unpaved road, (c) street with many people, (d) broad road
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T2l 2. Hoksk= 7|82 CNN 8k Z (8= MM loss, M2t AlM: accuracy)
Fig. 2. CNN training result of the proposed method (Red dashed: loss, Blue solid: accuracy)
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Table 2. Correct classification rate for the entire experimental dataset
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