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Abstract

This paper proposes using machine-learning technology to analyze and classify historical collected documents based on them.
Data is collected based on keywords associated with a specific domain and the non-conceptuals such as special characters are
removed. Then, tag each word of the document collected using a Korean-language morpheme analyzer with its nouns, verbs, and
sentences. Embedded documents using Doc2Vec model that converts documents into vectors. Measure the similarity between
documents through the embedded model and learn the document classifier using the machine running algorithm. The highest
performance support vector machine measured 0.83 of Fl-score as a result of comparing the classification model learned.
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Table 3. Classification Model Performance Comparison Analysis

Model Accuracy Precision Recall F1-score
Logistic Regression 0.92 0.85 0.80 0.82
Decision Tree 0.83 0.90 0.78 0.81
(Gaussian) Naive Bayesian 0.91 0.87 0.78 0.80
Support Vector Machine 0.88 0.85 0.82 0.83
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