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Abstract

This paper presents a real-time low-resolution face recognition method that uses a super-resolution technique. Conventional face
recognition methods are limited by low accuracy resulting from the distance between the camera and objects. Although
super-resolution methods have been developed to resolve this issue, they are not suitable for integrated face recognition systems.
The proposed method recognizes faces with low resolution using key frame selection, super resolution, face detection, and
recognition on real-time processing. Experiments involving several databases indicated that the proposed algorithm is superior to
conventional methods in terms of face recognition accuracy.
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Fig. 1. Flowchart of the proposed LRFR algorithm
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Table 1. The performance of PSNR for proposed and conventional algorithms

Zooming Bicubic Sparse coding [1] Deep convolutional network [2] Proposed
x4 33.15 33.65 32.06 34.32
x9 30.01 30.94 29.06 31.92
x16 30.37 31.48 26.67 31.97
I 2. Extended Yale BOA SVM £F7|E 0|28 g= 2AME
Table 2. Face recognition rate (%) for the Extended Yale B images with SVM classifier
Zooming LR image Bicubic Sparse coding [1] Deep convolutional nework [2] Proposed
x4 56.32 74.90 79.14 76.44 89.47
x9 30.03 56.85 66.52 65.11 85.96
x16 21.32 41.03 51.76 54.02 78.71
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