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Abstract

Video Object Segmentation (VOS) task requires an amount of labeled sequence data, which limits the performance of the
current VOS methods trained with public datasets. In this paper, we propose two effective data augmentation schemes for VOS.
The first augmentation method is to swap the background segment to the background from another image, and the other method is
to play the sequence in reverse. The two augmentation schemes for VOS enable the current VOS methods to robustly predict the
segmentation labels and improve the performance of VOS.
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Fig. 1. Examples of Image created by Background augmentation
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Table 1. Performance Comparison on YouTube VOS 2018 validation
sets

Method Overall seen seen | Junseen | Lunseen
STM 79.4 79.7 84.2 72.8 80.9
AFB-URR 79.6 78.8 83.1 741 82.6
MiVOS 80.4 80.0 84.6 74.8 82.4
CFBI 81.4 81.1 85.8 75.3 83.4
KMN 81.4 814 85.6 75.3 83.3
RMNet 81.5 821 85.7 75.7 824
LWL 81.5 80.4 84.9 76.4 84.4
CFBI+ 82.0 81.2 86.0 76.2 84.6
LCM 82.0 82.2 86.7 75.7 83.4
STCN 82.4 814 85.5 77.3 85.3
STCN + Ours 83.1 81.3 85.7 78.6 86.9
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Fig. 2. Result of Video Object Segmentation using Data Augmentation
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