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All weights in units are trained/set (under cost minimization)
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States: s = minimap, screen

Action: a = select, drag

Training set: D = {7 := (s,a)} from expert
Goal: learn my(s) — a
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States: s = sensors

Action: a = steering wheel, break, ...
Training set: D = {r == (s,a)} from expert
Goal: learn my(s) — a
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States: s = BIS, BP, ...

Action: a = PPF, RFTN, ...

Training set: D = {r == (s,a)} from expert
Goal: learn my(s) — a
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