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Abstract

In this paper, we propose a novel compression method for scalable Fisher vectors (SCFV) which is used as a global visual
feature description of individual video frames in MPEG CDVA standard. CDVA standard has adopted a temporal descriptor
redundancy removal technique that takes advantage of the correlation between global feature descriptors for adjacent keyframes.
However, due to the variable length property of SCFV, the temporal redundancy removal scheme often results in inferior
compression efficiency. It is even worse than the case when the SCFVs are not compressed at all. To enhance the compression
efficiency, we propose an asymmetric SCFV difference computation method and a SCFV reconstruction method. Experiments on
the FIVR dataset show that the proposed method significantly improves the compression efficiency compared to the original CDVA
Experimental Model implementation.
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Fig. 7. A histogram visualizing the degree of overlap for centroids that corresponds
to the non-zero subvectors when computing SCFV differences for the 50 test videos
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