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Abstract

Most deep learning-based video object segmentation methods perform the segmentation with past prediction information stored in
external memory. In general, the more past information is stored in the memory, the better results can be obtained by
accumulating evidence for various changes in the objects of interest. However, all information cannot be stored in the memory due
to hardware limitations, resulting in performance degradation. In this paper, we propose a method of storing new information in
the external memory without additional memory allocation. Specifically, after calculating the attention score between the existing
memory and the information to be newly stored, new information is added to the corresponding memory according to each score.
In this way, the method works robustly because the attention mechanism reflects the object changes well without using additional
memory. In addition, the update rate is adaptively determined according to the accumulated number of matches in the memory so
that the frequently updated samples store more information to maintain reliable information.
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Fig. 1. Diagram of the memory update module. In the figure, & denotes Equation-(6)
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Table 1. Performance comparison for YouTube-VOS 2018 validation
set

F

Method Ctﬂ:z;%t Overall seen |[unseen| Seen |unseen
STM® X 79.4 797 | 728 | 84.2 | 80.9
AFB-Net” X 796 788 | 741 | 831 | 826
STM-FL o} 77.2 774 | 710 | 815 | 787
GCNET® o] 73.2 726 | 689 | 756 | 75.7
AFB-Net o} 777 772 | 721 | 814 | 802
ours o} 785 788 | 722 | 832 | 796
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