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Abstract

Window image is displayed through a monitor screen when we execute the application programs on the computer. This includes
webpage, video player and a number of applications. The webpage delivers a variety of information by various types in
comparison with other application. Unlike a natural image captured from a camera, the window image like a webpage includes
diverse components such as text, logo, icon, subimage and so on. Each component delivers various types of information to users.
However, the components with different characteristic need to be divided locally, because text and image are served by various
type. In this paper, we divide window images into many sub blocks, and classify each divided region into background, text and
subimage. The detected subimages can be applied into 2D-to-3D conversion, image retrieval, image browsing and so forth. There
are many subimage classification methods. In this paper, we utilize AdaBoost for verifying that the machine learning-based
algorithm can be efficient for subimage detection. In the experiment, we showed that the subimage detection ratio is 93.4 % and
false alarm is 13 %.
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Test Image | No. of Blocks N(I)r;nggeSSUb No. ?nfqa']\éoe';'SUb Dlr?qt:gfeesd False Alarm False P(();')t)'ve Rate Detection Rate (%)
1 140 10 130 9 1 10% (1/10) 90% (9/10)
2 97 19 78 19 0 0% (0/19) 100% (19/19)
3 138 9 129 9 7 43.8% (7/16) 100% (9/9)
4 33 2 31 2 0 0% (0/2) 100% (2/2)
5 133 53 80 53 0 0% (0/53) 100% (53/53)
6 194 89 105 88 0 0% (0/88) 99.9% (88/89)
7 358 30 328 19 0 0% (0/19) 63.3% (19/30)
8 132 41 91 40 8 16.7% (8/48) 90.2% (37/41)
9 142 6 136 6 4 40% (4/10) 100% (6/6)
10 139 10 129 7 1 12.5% (1/8) 70% (7/10)
11 66 2 64 2 1 33.3% (1/3) 100% (2/2)
12 83 17 67 15 2 11.8% (2/17) 88.2% (15/17)
13 83 7 76 6 5 45.5% (5/11) 85.7% (6/7)
14 90 2 88 2 0 0% (0/2) 100% (2/2)
15 128 13 115 13 5 27.8% (5/18) 100% (13/13)
16 38 2 36 1 4 80% (4/5) 50% (1/2)
17 138 7 131 6 0 0% (0/6) 85.7% (6/7)
18 87 2 85 2 0 0% (0/2) 100% (2/2)
19 54 12 42 12 9 42.9% (9/21) 100% (12/12)
20 77 1 76 1 0 0% (0/1) 100% (1/1)

Sum 2,351 334 2,017 312 47 13% (47/359) 93.4% (312/334)
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