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Abstract

This paper proposes an arts and culture content creation tool powered by artificial intelligence. With the recent advances in
technologies including artificial intelligence, there are active research activities on creating art and culture contents. However, it is
still difficult and cumbersome for those who are not familiar with programming and artificial intelligence. In order to deal with
the content creation with new technologies, we analyze related creation tools, services and technologies that process with raw
visual and audio data, generate new media contents and visualize intermediate results. We then extract key requirements for a
future creation tool for creators who are not familiar with programming and artificial intelligence. We finally introduce an intuitive
and integrated content creation tool for end-users. We hope that this tool will allow creators to intuitively and creatively generate
new media arts and culture contents based on not only understanding given data but also adopting new technologies.
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Fig. 1. A&C Content Creation based on Artificial Intelligence (a) Next rembrandt, (b) Magenta studio, (c) Deep dream generator, (d) Teachable
machine
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Fig. 2. Text analysis and processing technologies (a) LDA, (b) text modeling based on deep learning
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Fig. 4. Audio/sound analysis and processing technologies (a) FFT analysis, (b) MIDI comparison
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Fig. 5. 2D/3D transformation and generation technologies (a) DALL-E, (b) Photo Wakeup
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(a) Data visualization based on T-SNE

121 7. Hlole Al2tet 29 (a) T-SNE7|St GIO[E Al2t3}, (b) S HIOIE AlZk=t

(b) Music Visualization

Fig. 7. Data visualization models (a) Data visualization based on T-SNE, (b) Music mood visualization
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preprocessing & analysis
Preprocessing Rep05|tory Media generatlon
Text e Interm
(Tég‘(‘,’; = (LI;A, ::;I;s;s) = ‘ediate 4= ge“:i::ion
Images Image analysis Dimelnsi.un = oe. Image Fusion of
(pg. pny. e“’ L (CN'?L SVM-y --) = ar(‘:é:,ls JSON st
el o and audio
Audio analysis xml Audio/: d
= | e omece, ) i
JSON
2l 8. 3K I8t 2Elols THX XS 9E SEE A =T 7
Fig. 8. Architecture for A&C content creation based on artificial intelligence
T A @0 E P HolH dHS 9XE, 94, FAAA M= ol A2 AAE R o R #d <
oYL 5 kst HolEol tigk Yol rheata, AA e AT dieFe el Az A7 B EAE 9408
= /i vido] 54 wE AAeE 7153 9 el e, B wabse o5 1he] AA S} gl 2
AU WMEBOE @ AZSt FAED 92E9 A% M2 AHOE oJAES Atk §2EY F§ LSTM,
CSV(comma separated value) &8F B|2E 5o tjg HH GPT-2(generative pre-trained transformer 2), GPT-3(gen-
g W3l So] AXY e} gAY A ZE BAe B8 23 erative pre-trained transformer 3) 59 A4 1SS 5
Ho} AFHTh G4 HolEe] A% Bk 3 of e o oy TAlEolN BRI AR Y2ES AFOE 4
AR WA E £ 25 B L AASE Sols AUk QAel B9 2Ekd We, AR G 4%,
A gk 54 3 eHQ HolEE 2T il Wk 24 2Dl 3D A} W 5o %1&%01 A 2H L
o &3tk o ¢ 2HE 9Ele dolelg PR fotd 228
A4 g Az st A A E Al e vk 59 ool A2 & w7 Fetolu WEr] Aol o] Fof it
o] olsf & flgk AA T Ak Al A o] MPHTh Fo sk G, HAE B 54 EAS AAlske] A-E vty
3% &4 PCAY T-SNE 59 29545 58 HolH £ ¥R AAHES AL
olafsh FoAE HHo] s o 7)) lolElE AT Belsh] AF APLE AF

E 1. ¢ISAls 7|8t 0jCiof GOl Xz
Table 1. Models for processing and generation of media data

2l MAMe 95t 2l

X co=

Purpose

Related tools

Al Art

Runway ML, Nature of Code, GANBreeder, Magenta, Processing, mi5.js, etc

Music / Sound

Magenta Studio, Al Duet, NSynth Sound Maker, MuseNet, Pitch Detection, etc

Movement / Dance

Al Sketches With Bill T.Jones, etc

Voice

Scribbling Speech, Thing Translator, etc

Images / Pictures

Deep Dream Generator, DeepArt.io, Visionist, GoArt, Deep Angel, Google Deep Dream, GANBreeder, Fractal

Art Generators, etc

Data Visualization

Activation Atlases, What neural networks see, Visualizing high dimensional space, t-SNE, etc

Al Drawing / Al Painting

AutoDraw, Al Painter, Quick-Draw, Sketch-RNN Demos, Cartoonify, etc
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