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Abstract

The increasing use of wearable devices has made it essential to accurately understand and analyze postures of users for various
real-world applications. However, reconstructing full-body poses from head motions alone remains a significant challenge. To
address this, several studies have adopted diffusion-based architectures to generate unseen body parts, however, their iterative
inference process has limited their real-time applications. In this paper, we propose a codebook-based architecture that reconstructs
a 3D mesh in a single step. Experimental results on the benchmark dataset demonstrates that the proposed method achieves both
fast inference speed and improved performance of ego-body mesh reconstruction.
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Stage1: Human Pose Codebook Learning
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Fig. 1. Overall architecture of the proposed method
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Table 1. Performance comparison on the benchmark dataset
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Ground Truth
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Fig. 2. Results of Ego-body mesh reconstruction on the AMASS!'!
dataset. From left to right: EgoAllo™ results, ours, and ground truth
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Table 2. Performance analysis according to hyperparameter variations
in the proposed method
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