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Abstract

In this paper, we propose a keyword-based music recommendation system to address the limitations of existing recommendation
systems that are primarily centered on charts and historical listening records and thus fail to reflect users’ current moods and
situational contexts. The proposed system generates ranked recommendations by combining word-level similarity between user-input
keywords and song lyrics with contextual semantic similarity, weighted at 60% and 40%, respectively. The proposed music
recommendation system is compared with three representative existing approaches content-based, collaborative filtering, and hybrid
recommendation systems through both item-level and list-level evaluations, in addition, a performance evaluation incorporating
release-year information alongside keyword-based recommendation is conducted. Experimental results show that, compared to
existing systems, the proposed approach achieves improvements of up to 53% in item-level evaluation and up to 51% in list-level
evaluation. Furthermore, the evaluation incorporating the release-year information demonstrates the highest level of satisfaction, with
scores of 0.62 for individual song evaluation and 7.73 for recommendation list evaluation.

Keyword : Music recommendation system, Keyword-based music recommendation, User-centric evaluation, Context-aware
music recommender, Cosine similarity
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Fig. 2. Overall architecture of the music recommendation system
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