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Abstract

This paper analyzes tool interaction effects when Spatial Resampling and Rol-based processing are jointly applied in a VCM-RS
environment and proposes an object size-based scale adjustment to resolve BD-rate/BD-mAP instability. We performed various
experiments not only at the single-tool deactivation test but also at the interactive test between VCM coding tools to cope with the
limitations found at the reporting template of the CEO experiment in MPEG VCM. According to the extensive experiments, we
found that there exist mismatches in the scope of RD-curve performance and problems of uncomputable evaluation metrics due to
RD-curve crossing. The proposed method stabilizes RD-curve evaluation across RA/LD/AI modes by suppressing cumulative object
downscaling. By applying the proposed method, the evaluation metrics could produce normal output values for all the RA/LD/AI
modes according to the CTC, and accordingly we could obtain interpretable test results and achieve reliability on the performance
evaluation by mitigating excessive BD-rate increase.
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Table 4. Performance Results after Applying Object Size-Based Scale
Adjustment
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